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Abstrac:t A new FPGA serja] camputatpna] metod {or mp kmenting fast squares support vector machies hased
on recurrent neura] nework is presented mn ts Paper (Campared with existing parm]le] oanpu‘ationalmethod the
new method camp nes the Paralke] character of recurrent neura | nework with sinp Jici¥y of least squares support vector
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